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OVERVIEW

The following five cases document publicly reported failures and controversies arising from the deployment of
general-purpose Al systems in regulated institutional environments. Each case is drawn from widely circulated,
independently reported sources. Together they illustrate a consistent pattern: institutions deploying inference-first Al
encounter accuracy, governance, and accountability problems that disclaimers, monitoring tools, and after-the-fact
filtering cannot fully resolve. These are not isolated incidents. They reflect a structural property of generation-first Al
architectures when applied in environments where accuracy, authority, and institutional accountability are
non-negotiable.

CASE 01

California State University Renews Controversial OpenAl Contract

EdSource / CalMatters, May 2026 | Kate Rix |
https://edsource.org/2026/cal-state-renews-controversial-system-wide-contract-with-openai/758919

California State University renewed its contract with OpenAl at $13 million per year for three years, providing
system-wide access to ChatGPT Edu across 22 campuses and more than 470,000 students. The renewal reignited
faculty opposition that had been building since the original $17 million contract was signed in January 2025 without
faculty consent.

Faculty delivered a formal petition urging cancellation, stating that ChatGPT Edu is "not designed, trained, or
optimized for education." A CSU systemwide survey confirmed that while ChatGPT was the most used Al tool across
campuses, it also found widespread concerns about the future impact of Al on teaching quality, student outcomes, and
institutional integrity. Faculty expressed specific concerns about the system's inability to reliably cite institutional
sources and its indifference to whether answers are correct. The Cal State Student Association reported that students
faced inconsistent classroom policies, fear of false cheating accusations, and confusion about when use of the
university-sanctioned tool was permitted.

KEY FINDING

The largest university-Al contract in history generated sustained institutional opposition precisely because a general -purpose
chatbot cannot meet the source reliability and accuracy standards that faculty and students require for institutional guidance.
The governance problem is not incidental to the deployment. It is a direct consequence of deploying inference-first Al in an
environment that requires authoritative, institution-specific answers.



CASE 02
California Community Colleges Spend Millions on Faulty Al Chatbots

CalMatters, March 2026 | https://calmatters.org/education/higher-education/college-beat/2026/03/college-ai-chatbot/

Cdlifornia community college districts spent millions of dollars deploying Al chatbots intended to help students
navigate admissions, financial aid, and campus services. Reporting by CalMatters found that these systems struggled to
provide clear and accurate answers, leaving students frustrated and turning to unofficial social media channels for help
instead.

Some platforms relied on manually maintained FAQ libraries and campus website scraping to generate answers, which
led to errors when information was outdated or when questions fell outside the system's trained scope. Officials at
several districts acknowledged the failures and announced plans to transition to newer platforms. The article documents
a pattern repeated across multiple institutions: colleges building or procuring their own chatbots and encountering the
same accuracy and trust failures as general-purpose Al systems, because the underlying inference-first architecture was
preserved.

KEY FINDING

Institutions that build or procure their own Al chatbots do not escape the accuracy problem by moving away from consumer
Al tools. When the architecture remains inference-first, the failure mode is the same: the system generates responses
regardless of whether authoritative institutional sources exist to support them. The deployment context changes. The
structural risk does not.

CASE 03

Al Is Getting M ore Powerful, but Its Hallucinations Are Getting Wor se

The New York Times, May 2025 | Cade Metz and Karen Weise |
https://www.nytimes.com/2025/05/05/technology/ai-hallucinations-chatgpt-google.html

Reporting by the New York Times documented a counterintuitive finding emerging from Al researchers and
developers: as large language models become more capable and widely deployed, the hallucination problem is not
improving at the same rate as other capabilities. In some dimensionsit is worsening.

The article examines why more powerful models do not automatically produce more reliable outputs. As models are
trained to handle more complex multi-step reasoning tasks, they generate longer and more elaborated responses, which
increases the surface area for factual error. The systems are optimized for fluency and apparent coherence, which
means incorrect information is presented with the same confident register as correct information. Researchers quoted in
the article described this as a fundamental tension in how large language models are trained and evaluated.

KEY FINDING
Capability improvements in general Al models do not resolve the accuracy problem in regulated institutional environments.
A more capable model that produces longer, more elaborated, more confidently stated responses introduces more ways for
institutional misinformation to be acted upon before it isidentified and corrected. The solution is not a more powerful model.
It is a different architectural approach.

CASE 04



Stanford HAI and MIT Sloan: Hallucination Ratesin High-Stakes Al Applications

MIT Sloan Teaching and Learning Technologies, citing Stanford HAI and OpenAl research, 2025 |
https://mitsloanedtech.mit.edu/ai/basics/addressing-ai-hallucinations-and-bias/

A peer-reviewed assessment compiled by MIT Sloan, drawing on Stanford HAI research and OpenAl's own published
findings, documented empirical hallucination rates across leading Al systems in high-stakes query domains. The
findings are among the most cited in the institutional Al governance literature.

The Stanford HAI study found that general-purpose Al chatbots hallucinated on 58 to 82 percent of legal research
gueries when tested on contemporary models. Even specialized legal Al tools built on retrieval-augmented generation
(RAG), atechnique that grounds Al responses in a curated document database, hallucinated more than 17 percent of
the time. Separately, OpenAl's own research found that advanced reasoning models still do not consistently eliminate
hallucinations during multi-step reasoning. The models make "strategic guesses," generating plausible but false
statements when uncertain, and are in some cases unintentionally rewarded for hallucinating during training and
evaluation.

KEY FINDING

Even the most sophisticated post-generation controls, including retrieval-augmented generation, do not reduce hallucination
rates to zero in regulated domains. At 17 percent residual hallucination under optimal RAG conditions, and 58 to 82 percent
without specialized grounding, the error rates in high-stakes institutional contexts are not engineering edge cases. They are
documented, measured, and structurally predictable consequences of inference-first architectures.

CASE 05
Cal State and OpenAl: When Students Refuse the Al Their University Mandates

CalMatters, May 2026 | https://calmatters.org/education/2026/05/california-state-university-open-ai-chatgpt-contract/

A companion piece to the contract renewal coverage documented the human consequences of deploying
general-purpose Al at institutional scale without governance architecture aligned to institutional obligations. Students
at multiple CSU campuses reported being accused of cheating for using the Al tool that the university system had
mandated and promoted. Tutoring center staff reported being unable to advise students caught between conflicting
faculty policieson Al use.

The Ca State Student Association found that students experienced "confusion, fear, and mistrust" as a direct
conseguence of the absence of consistent, institution-specific guidance on what the Al could and could not be trusted to
provide. 83.5 percent of studentsin a systemwide survey reported concerns about Al's impact on personal data. Faculty
cited potential legal exposure from deploying a system that had been connected, in California court filings, to claims of
psychological harm. The article documents a governance vacuum created when a powerful general-purpose tool is
deployed without the institutional authority controls that regulated environments require.

KEY FINDING

The consequences of deploying inference-first Al at institutional scale are not only technical. When students cannot trust that
an Al tool endorsed by their institution will give them accurate, authoritative guidance on institutional policies, deadlines,
and rights, the result is not merely misinformation. It is an erosion of the institutional trust that regulated organizations are
obligated to maintain.



Synthesis: The Pattern Across All Five Cases

These five cases span different institution types, different Al vendors, different deployment contexts, and different
reporting outlets. They share acommon structural finding.

In every case, the institution deployed or considered deploying an Al system built on an inference-first architecture: a
system designed to generate a response by default, with risk managed through post-generation controls, disclaimers,
monitoring, or human oversight. In every case, this architecture produced accuracy, accountability, or governance
failures that the post-generation controls could not fully prevent.

The failures are not failures of individual products or vendors. They are predictable consequences of an architectural
assumption that is incompatible with the obligations of regulated institutional environments: the assumption that
inference should always occur, and that the risks of always-on generation can be managed after the fact.

COMPAISS addresses this at the architectural level by conditioning the existence of inference on pre-execution
authorization against institution-approved sources. When no authoritative basis exists for a response, the model does
not run. There is no response to filter, no hallucination to catch, no institutional misinformation to correct after a
student has already acted on it.
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